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Assessment of Test Bias in the Perspective of Modern Measurement Theory
LIU Tie—chuan, DAI Hai-qi, ZHAO Yu
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[Abstract] While tests are widely used in our society, its fairness has been concerned by every social class. Fair test
should be unbiased. Currently, with the rapid development of the measurement theory, there have been a variety of meth-
ods for assessing bias for maintaining test fairness. Domestic research and practice of testing lag behind the current re-
search of test bias. The present paper has reviewed new advances of methods for assessing measurement bias, predicting
bias and equating bias through the perspective of modern measurement theory. Suggestions of using these methods in
practice are also given. These methods are concerned about test bias in different perspectives, though closely related. Re-
searchers in any area of using tests and examinations should take advantage of these theories and techniques to guide the
development and use of tests for promoting the test fairness.
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